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CHINA AIMODEL & HYPERSCALERS ECOSYSTEM

Our mapping of key players, revenue/profit pools & interdependencies

= Token flow

ByteDance Alibaba Tencent

1
1
KEY: !
* \_ entities entities entities = Money flow :
— =~ Investment flow |
P : Alibaba & Tencent 1
| CHINA MODEL COMPANIES _ Investinvarious 1
independent model |
Aggregate US$10bn ARR by year-end 2026E U
=>US$125bn by FY30E T eemmTT T T |

-
-

DeepSeek -~7  training costs
.-~ us$4abn (FY26E)

Model inference costs
US$7bn (FY26E)

Booked as Al model costs |
and hyperscalers’ 1
cloud revenues 1

1

Current API gross margins at 20-30%
Long-term gross margins at 30-40% (GSe)

China LLM: Negative EBIT margin (FY26E)
=> Long-term EBIT margin 18%, US$23bn EBIT by FY30E (GSe)

y

ENTERPRISE USERS

- Aggregate model i

China BBAT capex US$102bn (Fy26E)
China cloud revenues US$51bﬂ (FY26E)
=>US$130bn (Fy30g)

amongst which Al-related rev. contribution: 25% (FY26E) => 60% (FY30E)

€
Alibaba

Alibaba Cloud

A VolcanoEngine

And with select US Hyperscalers (e.g. Amazon Bedrock, Gemini
Enterprise Agent Platform etc.) & ASEAN Neo-Clouds serving or
housing Chinese open-source model companies

API Platforms

By

OpenRouter: World's largest API
marketplace charge users 5%

payment platform fee

-+*
~.§
China Global

China Al models China Al models
token share revenue share

Maas platforms

/

Coding/agent
aggregate platforms

Based on the latest data on OpenRouter

m Chassis, rail kits & Others
®|General Servers

A
WGPU+HBM WASIC+HBM
= CPU ® Networking
R TRAE uCooling w Power

w/ODM/OEM
m Others

IChina hyperscalers at aggregate ¢.10% EBIT margin, US$5bn EBIT (FY26E)!
"1 =>Long-term 20% EBIT margin, US$26bn EBIT by FY30E (GS estimates) |

| API/HARNESS LAYER /

1) The calculation of China cloud revenues includes Alibaba, Tencent, ByteDance, Baidu, and Kingsoft Cloud. 2) China CSP capex breakdown is based on GS Greater China Tech team estimates; 3) Companies

included are for illustrative purposes and may not be an exhaustive list.
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Dissecting China open-source models unit economics today and path to profitability

ElZ 1: Unit economics for China’ s value-for-money agentic model and top performing coding model, vs. hypothetical economics for global SOTA model
UNIT ECONOMICS OF TWO-TIERED CHINA Al MODELS (PER 1M BLENDED TOKENS)

China's value- China's best Hypothetical China'svalue-  China's best
for-money performing Fconnmlcs _"“ for-money performing
agenticmodel  codingmodel  Most frontier’ agenticmodel  coding model
e o vy ST o ) CHINA'’S VALUE FOR MONEY MODELS BLENDED PRICE: US$0.2 per blended 1M tokens
AP Pricing $02 T ¥ I L 839 ) $0.2 $2 (A)
| g | | w4 (i)
'c';':t"?"“ 015 [ an 008 | 0141 .02 (B) DeepSeek J]Jmﬂ
a5% of ARR 4% ! 70% 6% . e 5T% -51% va F’;ﬁ‘;;—ﬁ:&a“g’“k' MiMo ik Hunyuan
i ! s == V4 Pro: US$0.18 VZ“;_'?;,;'.S&;’;‘;% M3: US$0.22 Hy3: Us$0.1
Gross Profit 0.03 i 0.18 ! 270 ! 0.07 | 0.80 =(A)-(B) (Peak-hour US$0.36) T
cout | i T
:i;‘:‘: 10-15% 15-20% . 70% : 30-40% 3040% L. .
Training 0.06 | -040 | 489 | 003 | 025 (C)\\ CHINA’S TOP PERFORMING CODING MODELS BLENDED PRICE: US$1 per blended 1M tokens
1 1
as % of ARR -30% 0% 4% 3% A%
| ! (e -
7 0.08 . 039 Lo, 0.03 0.44 = (A)-(B)-(C) N y A
Traeing cat & DpEx : i i Qwen Zhipu/Z.ai Kimi
frad 0% ! -39% 1 0% | 14% % Qwen3.7 Max: GLMS5.2: US$0.9 K2.6: US$0.7
margin R Q) PO AP g Us$1.43
IN ABSOLUTE US$ BILLIONS
Current (var-end 266)
. hetical
China's value- China's best ;z':‘z:"f:sm; ¢ China's value- China's best
for-money performing "most frontier’ for-money performing
.agen tic rl'.lodel coding model SOTA model agenticmodel  coding model
ARR, Us$ $0.8bn $1.5bn $55bn | $10.9bn $30.6bn | We estimate aggregate of US$10bn ARR for China Al model industry by year-
! i i end FY26E; we estimate to reach US$125bn for FY30E
Inf i i i d . . . .
c'; :tre"“ #0500 1t | BTSN | §-6.2bn $-15.6bn v US$7bn inference costs for China Al model industry in FY26E, we
a5 % of ARR 4% ! -70% ! 2% | -57% -51% estimate US$55bn by FY30E, which translates into
! ! ! hyperscalers’/neo-clouds’ revenues
Gross Profit $0.1bn | s0.3bn | s3bn | $3.6bn $12.2bn
:::;‘i’:‘ 10-15% 15-20% 0% : 040% | J0-40%
Traini | | g { - . . .
raming Sy | ISR | EEEEngy $:1.60n $-4.4bn US$4bn training costs for China Al model industry in FY26E,
as % of ARR -30% i 0% i 9% -13% -13% ‘ US$20bn by FY30E, as model sizes continue to scale up
! ] 1
EBIT ! i i
.2bn i .6bn i ibn | $1.5bn $6.7bn « . . . ..
el O i ! o | o | y Negative EBIT margin for China Al model companies in FY26E;
e IS ! s s ciy | IS ‘ we estimate to reach 18% EBIT margin/US$23bn profit pool by FY30E
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From DeepSeek’ s moment last year (on cost efficiency) to Zhipu’ s GLM moment this year (on model intelligence)

China’ s Al open-source/open-weight models are reaching a critical point of intelligence performance vs. global
proprietary models, with a significant ramp up in domestic enterprise adoption and a proliferation of global consumer
and SME demand. In this report, we evaluate How these models achieve such performance at low costs/tight
computing resources; Why they pursue an open source/open weight approach and how they monetize; What the key
addressable markets are, where we highlight two favoured ARR quadrants and risk factors; and Who the potential
long-term winners will be under our Competitive Positioning framework.

We believe Chinese models are reaching a critical ‘good enough’ stage for agentic tasks/specific coding scenarios,
and rising fragmentation in China’ s Al model landscape (but the strong will get stronger). While pricing power remains
strong for models with frontier performance/multi-modal, the lower-end segment is in a price war; nevertheless,
Agentic Al is driving explosive demand for these value-for-money models at the lower-end. Access to computing will be
a swing factor, where US/China regulations, balance sheet and inference efficiency are key.

Accordingly, we introduce our Chinese Al model Competitive Positioning framework based on pricing power, cost
advantage and financial strength, overlaying with token scale and market share progressions, and identify Knowledge
Atlas (Zhipu, initiation) and DeepSeek (private) as the strongest positioned in foundation models, and Bytedance
(private) in multi-modal.

m  How do Chinese models achieve competitive performance at low costs/tight computing resources? By leveraging
smaller-sized parameter models for equivalent benchmark performance, and Mixture-of-Expert and new
architectural innovations. Chinese Al models are bifurcating into a two-tiered market where performance and time
to market are key to pricing power, thereby leading to two ‘ARR maximising’ quadrants based on token adoption
and pricing. A positive flywheel is taking effect for top Chinese Al models driven by increasing actual real world
coding adoption, and reducing their reliance on model distillation practices.

m  Why are Chinese models pursuing an open source/open weight approach, and ways to monetize? Open source
allows for greater flexibility in model training/deployment, and allows for the widest adoption and an open
community. We believe open source models’ disclosed ARRs are likely understating total deployment and revenue
potentials, and we expect more shifts to open weight (with Community License, i.e., commercial terms if for
commercial use) among Chinese Al models down the road.

m  What are the key addressable markets, domestically and internationally, and key risks? We highlight two favoured
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ARR quadrants and estimate China/China Al models market to see token growth of 25X by 2030E; the coding
landscape to consolidate while the agentic/low-end segment could remain fragmented. International (going global)
should be a key upside, with the potential for higher pricing and global proliferation, especially in non-US markets
as global enterprises increasingly pivot from a token-maxxing to a ROI-first model that prioritizes clear task
boundaries, number of agents per day, back-end process automation and actual output over pure computational
token volume. Key risk factors are market access/anti-distillation and regulations, including any stricter access to
China’ sfuture most frontier models for overseas markets, access to highest-end leased computing equipment
(used for training), market access to western markets, further restriction lists/entity list designations (but this could
be positive for China’ s path to further Al self-sufficiency across software/CPU/ASICs), and competition from
SLM/threat from Al architectures.

Who are best positioned to be the long term winners within China’ s Al model companies? We expect players with
the largest ARR scale with a gross margin advantage + financial strength to be the long-term winners. We highlight
independent Al model companies mostly stand out in our Competitive Positioning framework in pricing power +
cost advantage (in aggregate represent over US$200bn in implied valuations, based on latest market cap/funding
rounds), where Zhipu and DeepSeek are the most strongly positioned in text based foundation models, while
ByteDance leads in multi-modal capabilities based on our framework.

Signposts we are looking for into 2H 2026

m Harness/agentic applications: We expect China Al model companies to increasingly focus on positioning their

harness/agentic applications as key entry points, especially in coding (e.g. Zhipu’ s ZCode, Tencent’ s Workbuddy,
and Alibaba’ s Qoder which are aggregate platforms that support the full suite of Al models) as model companies
attempt to close the loop in capturing more real-life coding and agentic data for scaling. Co-work and industry
expert agentic products could be the next priorities. Enterprises will increasingly focus on overall cost per task
instead of headline pricing per token, with an openness to using different models (multiple-models approach).

Multiple large parameter high-end coding model launches and potentially stricter access to the most advanced
Chinese Al models outside of China: We anticipate multiple new Chinese Al model launches over 2H26 with
significantly larger total parameter sizes of 2-5 trillion across Chinese Al model players. Coding/programming
segment competition will intensify as Chinese models try to challenge Zhipu GLM’ s leadership via training on
high-quality real-life coding data (where available) and scaling to larger parameter model sizes. We also expect a
potential shift from an open-source to an open-weight approach for best-performing models (i.e. from free-for-all
use cases to requiring revenue sharing/a take rate for commercial use). The addition of multi-modal/visual
understanding will be the next upgrades amongst Chinese Al foundation models (e.g. for GLM, DeepSeek), while
MiniMax M3 already excels in these given the multi-modal focus of MiniMax from the start. That said, we note press
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reports on potential future restrictions on overseas access to China’ s most advanced Al models (both closed and
open source if at the frontier level) as cutting-edge artificial intelligence is increasingly being seen as a critical
national asset.

m  Continued suppressed API pricing for the lower end agentic-focused segment: While DeepSeek recently announced
an increase in peak-hour pricing from mid-July, we expect API pricing and therefore gross margins to remain under
pressure at the lower-end pricing segment (around US$0.1-0.2 per 1M tokens) into the second half, as China’ s Al
model players have significant cash buffers post-fund raising to subsidize competitive pricing at zero/negative gross
margins in the near term. As a result, we see financial strength as one of the three most important metrics
(alongside pricing power and cost efficiencies) in assessing a Chinese Al model company, where cash on hand, net
cash as % of assets and valuation multiples will be the critical financial strength metrics for long-term success. This
said, we are Buy-rated on MiniMax as the company stands out on cost efficiency/cost advantage metrics under our
Competitive Positioning framework. With its M3 model well positioned in the favored ARR maximizing quadrant
(attractive pricing + high token volumes), alongside its discounted valuation at 13X P/2026E year-end ARR (vs.
China/global peers which command multiples several times higher at similar ARR stage), we believe risk-reward is
skewed to the upside and reiterate our Buy rating. Key swing factors for MiniMax to improve its overall competitive
positioning will hinge on its pricing power and financial strength. We expect its H3 video generation model
performance (imminent launch in a more favorable industry landscape vs. text models) and time-to-market for its
next M3 updates (focusing on further coding intelligence level uplift from post-training/reinforcement learning, we
estimate over July-Aug, and a larger parameter size M3 model later in 2H 2026) will be the next key drivers.

®m  Multi-modal/video-generation models to see further ARR ramp-up from global adoption: We expect continued
healthy industry pricing and gross margins within video generation (unlike foundation text) where key players
ByteDance’ s SeeDance, Kuaishou’ s (Buy) Kling and MiniMax’ s Hailuo/upcoming H3 models to enjoy healthy
growth over 2H 2026 amid new functionality breakthroughs (combination of video-generation with LLM) and tight
computing resources where demand significantly outpaces capacity. According to China news reports like LatePost
and 36Kr, ByteDance’ s Seedance gross margins have been at a healthy 70% at its latest US$2bn+ ARR run-rate.

m  We also expect increasing domestic ASICs supply, tighter access to overseas computing resources and potential
market access limitations (could mirror TikTok’ s trajectory where rapid expansion in western markets was followed
by more regulations/focus on ensuring data security where computing will have to be conducted within local
jurisdictions).

Our assessment of Al model companies: ARR scale x gross margin advantage + financial strength

m Largest ARR scale (Token scale x pricing power)

20265 7H10H 7
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m  Gross margin advantage (Training & Inference efficiency, Technology)

®m  Financial strength (Balance sheet, Access to computing)

Accordingly, we lay out our Competitive Positioning framework for Al model players based on quantifiable metrics, 1)
Pricing Power (amongst which, based on Time-to-market of model launch, Arena score based on actual usage cases and
pricing level), 2) Cost advantage (based on token volume scale, throughput/cache hit rate, parameter sizes/activation
ratio and our estimate of inference gross margins), and 3) Financial strength (based on cash on-hand, net cash as % of
assets, and valuation multiples).

20265 7H10H 8
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&% 2: Competitive positioning framework for Al model players

Chinese models reaching Fragmentation between China
critical stage of intelligence for Al models but strong to get Agentic Al driving higher Access to computing, where
Key themes wide adoption across agentic stronger; pricing power to demand for value-for-money balance sheet and inference
come from frontier models/SLMs efficiency are key

tasks/specific coding scenarios
performance/multi-modal

Drivers of
;g:fp;ﬁ;en - Competitive positioning

Cost advantage Financial strength

CP category

Pricing Power

Token  Throughput Parameter jnc.once

Time to market Arena score Pricing volume [Cache hit s_ize;_’ GPM Cash on hand Net cash as % Valuation
rate activation of asset multiples
ratio

BRRR: BREKRAHRRY
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B3 3: Overview of competitive analysis for key LLM labs’

Alibaba Qwen: Full-stack Al player with muilti-year Al/cloud

upside, leading position of most areas

positioning

Tencent Hunyuan: Strong contender after Al strafegic revamp;

potential in Weixin Al agent

MiniMax M-senies: Unigue full-modal capabilities among
independent players; cost-efficient computing architectures

Valuation

multiple

Time to market

Arena score

Gash on hand

Cache hit rate

Throughput

3 Pricing

Parameter
size/activation
ratio

Zhipu GLM: Leading model capabilities in coding/agentic

Waluation
multiple

Cash on hand

SCENarnos

Time to market

rena score

Cache hit rate

Throughput

s Pricing

Parameter
size/activation
ratio

N/A for DeepSeek/ByteDance valuation multiple

Time to market

Valuation )
multiple /<. : JArena score
Cash on hand — Pricing
Parameter
Cache hit rate" “sizelactivation
ratio

Throtighpui

DeepSeek: Extreme cost efficiency fo sustain scalable token

usage on compefitive pricing

Time to market

Cash on hand. ~Arena score

Cache hit rate ~ Pricing
/ Parameter
Throughput’ size/activation
ratio

Time to market

Valuation
multiple / ~Arena score
Cash on hand ————— -+ Pricing
- Parameter
Cache hit rate” size/activation
ratio

Throughput

ByteDance Seedance: leading in model performance with strong

financial’ecosystem back-up for guick adoption &
commercialization

Time to market

Cash on hand Arena score
Ecosystem Feature variety
support
Generation. j \Pricing power
speed g p

HRRR: BREKRARRY
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&% 4: We identify two favorable ARR quadrants (in maximizing ARR) which is a combination of maximizing token volumes and/or pricing level

Weekly tokens
on OpenRouter

®DeepSeek V4 Flash @ MiMo V2.5 ®MiniMax M3 @®Hy3 Preview ®GLM 5.2 ®DeepSeek V4 Pro

5,500 °
DeepSeek/MiniMax: Lower
Favored  pricing, higher token volumes
° ARR
4‘5m Q{:'E'C:."af?-.'
@
3200 ARR = token volumes x pricing ©LM: Higher pricing, at
relatively fewer token usage

® Favored ®

ARR
2,500 quadrant

e
1,500
0 0.2 0.4 0.6 0.8 1

Blended Pricing (US$ per 1M tokens)

FEBRIR: AB$UE, OpenRouter, S LIIE AR ED
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Related research

Americas Technology: Decoding the Agentic Economy - The Coming Inflection in Al Usage and Margins, 5 May 2026, by
James Schneider, Eric Sheridan and team

Global Server: Raising both Al and General servers; better mix and higher memory costs drive CSP spending, 24 June
2026, by Allen Chang and team

Knowledge Atlas Technology (2513.HK): Initiate with Neutral at US$110bn valuation; China’ s top enterprise/coding Al
model, July 10, 2026

MiniMax Group (0100.HK): Key focuses post-share unlock; upside skew to risk-reward; Buy, July 10, 2026
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Comparing China’ s key LLM players

Performance: China LLM labs keep climbing up the Text
Arena ranking, with flagship models hitting new high

Two-tier price: premium pricing on model intelligence
vs. low cost for price-sensitive demands

Speed: first-party API performance to reflect
inference efficiency and infra capabilities

Ranking by company (total 54) on LMArena, Text Arena Blended price per 1M tokens of flagship models Output tokens per second of flagship models
Dot for closed-source models, else open-source models P Qwen3.7-
1480 - #5 ug ‘ Max )
- . aibase
#10
1460 =t 12
GLM-52 zai [
1440 1 Seed-2.1 z
08 Pro kimika.6
L 3 DeepSeek
1420 06
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X DeepSeek MiMo M3
02 preview *
1380 0 L MiniMax
4 75‘@'0 +@§ & tge.é- &Q& ‘ﬁé‘\ & «GQ' ¥ & %é?}- ‘\Sboé“ P ${# p é\& ,{_&“\ ’\? .\{55’@
N4
<)°®'Q F g Qv?q W & v 0 50 100 150 200 250

P&L: mega-caps Al funding from stable profits while
independents still scaling in commercialization

Valuation: latest market caps and reported private
valuation for LLM players

Model updates into 2026: faster iteration with rising
intelligence level
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0
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Model launch timeline and Artificial Analysis Intelligence Index
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Decoding China’ s Al model tokens & our forecasts on token/revenue share

By 2030, we estimate tokens generated by China Al model
companies will be 25X higher than today

We estimate overseas tokens generated by China Al model
companies will reach 55% of global tokens by 2030E

We expect ByteDance and DeepSeek to account for 80% of
tokens generated by China Al model companies by 2030E

m mEnterprise agent  « Consumer agent = Non-agent
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m mDomestic tokens
5,000
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m ByteDance (consumer Al driven, majority free tokens) DeepSeek » Others
100%

80%

60%

40%

20%
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2026E 2027 2028E 2029E 2030E

Our US research team estimates consumer and enterprise
agents could push token consumption 24X above today's global
capacity (ex-China)

We estimate China Al API + subscription revenue pool to reach
US$125bn in 2030E

We expect Zhipu and DeepSeek to capture most of the
incremental revenue pool
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0050000020000 | ;
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100%
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DeepSeek/Bytedance/Zhipu’ s (Not Covered) relevent metrics (e.g. token consumption/revenue) are calculated by analyzing the industry and companies that we cover, and then extrapolating them to DeepSeek,

Bytedance and Zhipu.
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How do Chinese models achieve competitive performance at low costs/tight computing

resources?

20265 7H10H

Smaller-sized parameters models for equivalent benchmark performances, Mixture-of-Expert and new architectural
innovations

Compared with a year ago, Chinese models’ coding and agentic capabilities have reached a critical level in being able
to complete more coding and autonomous agentic tasks with higher success rates as context windows have been
expanded to 1 million tokens. The smaller parameter model sizes of Chinese models (spanning from 200bn to 1.6T
parameters, at 2-10% of leading SOTA models, due to constrained access to high-end computing), and highly efficient
architectures (MoE, Sparse Attention, OCR etc., at 3-5% activated parameters only vs. total parameter sizes) all
contribute to the much lower training and inference costs for Chinese models vs. leading US models. We would attribute
the recent step improvement of Chinese models in coding according to Arena.ai to data curation, distillation techniques
and reinforcement learning post training, despite their relatively small parameter model sizes (1.6T for DeepSeek V4
Pro, 0.7T for Zhipu’ s GLM5.2 and 0.4T for MiniMax’ s M3). On June 27, DeepSeek introduced DSpark, a speculative
decoding framework that makes existing DeepSeek-V4 models serve faster. DSpark has already been deployed in
DeepSeek-V4 Flash / Pro online serving, improving per-user DeepSeek-V4 generation 60-85% faster on V4-Flash and
57-78% faster on V4 Pro without changing the model’ s weights or output quality.

Chinese Al models bifurcating into two-tiered market (where performance and time to market are key to pricing power),
withtwo ‘ARR maximising’ quadrants based on token adoption and pricing

We are seeing pricing power for the highest performing Chinese Al models, e.g. Zhipu’ s GLM5.2 model and Alibaba’ s
Qwen3.7 Max models at around USS$1 per blended 1M tokens, at 5X that of low-end Chinese Al models. The reported
tighter US processes in allowing most SOTA model access has also opened new arenas for China’ s top performing
coding models for enterprises and SMEs. Smaller parameter and activated ratios allow China’ s top performing models
to be priced at USS$1, 10-25% vs. US SOTA models at US$4-8 per blended 1M tokens, while generating double digit
10-20% gross margins (GSe) that are lower than global SOTA models due to relatively lower pricing power.

In the lower end segment, agentic focused models are priced at US$0.06-0.2 per blended 1M tokens, which are enabling
these models to tap into new global TAMs for price sensitive SMEs and one-man companies. MiniMax generates 60-70%
revenues from overseas.

We also note DeepSeek announced that its V4 official version is set for launch in mid-July, alongside the introduction of
peak/off-peak API pricing to better allocate resources and improve service stability. V4 Pro/Flash non-peak pricing
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remains unchanged, while peak hour (9am-12pm/2pm-6pm China time) will be charged at 2X non-peak rates, implying
blended pricing of US$0.35/USS$0.12 per 1M tokens due to strong Chinese Al model demand that is increasingly causing
significant compute tightness in work/productivity scenarios.

Positive flywheel is taking effect for top Chinese Al models from increasing actual real world coding adoption, with less
reliance on model distillation ahead

Compared with learning and distillation tactics from global SOTA models in the past, we believe top Chinese models like
GLM5 are reaching a critical stage of adoption by China’ s major enterprises and global users. As per LatePost,
Al-generated code has increased to as high as 90% at some China mega-cap companies, up from 20-30% in 2H25, which
we believe will enable a positive data flywheel effect of further improvements via reinforcement learning with actual
user data (both successful and unsuccessful coding cases) and post training. We think these have underpinned the step
improvements in GLM5.2 from GLM5.1 in just over the course of a few months in 2026, and we expect to see further step
improvements to Chinese Al models over the next 6-12 months.

15



Goldman Sachs BRerhEAIEE
&% 5: China’ s model count is rising in top rank bands across usage (text, coding and agent)
LMArena ranking of Text, WebDev (Coding) and Agent Arena
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Baseline date for Text/WebDev (Coding) Arena ranking = 3/18/2026, and current date refers to latest date available, i.e. 6/16/2026 & 6/20/2026. Agent Arena ranking started at June 5, 2026, with current date =

6/30/2026

FEIFIR: LMArena, Data compiled by Goldman Sachs Global Investment Research

20265 7H10H

16



Goldman Sachs REDEAIEE

[E]Z 6: Notably in coding/agentic tasks, Chinese players are reaching global top-tier positions
As of Jun 20, 2026

Chinase Al models on Agentic benchmark ranking (52 models in total)
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Global Chinese Al models on Code Arena ranking (90 models in total)
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FEEIFIR: GDPval-AA, LMArena, Data compiled by Goldman Sachs Global Investment Research

20265 7H10H 17



Goldman Sachs REDEAIEE

&% 7: Compared with global SOTA leading models of several tens of trillions, China open source models are mostly around or
below 1 trillion parameter in size, and adopt a MoE structure, with low activated to total parameter ratios for higher inference

efficiency
m Activated parameters (B) Total parameters (B)  + % activated
1800
* T 1%
1500
1200 + 54% + 54%
oo0 4. 1%+
1600
3.1% 3.2%¢
600
1020 1000
744
300
428
49 42 32 40 23 59 285
0 | _— — | —_— —
DeepSeak Ximomi Kimi K2.7 Zai MiniMax Tencent
V4-Pro MiMe-V2.5-Pro GLM-5.2 M3 Hy3-praview

A Mixture-of-Experts (MoE) structure is a sparsely activated neural architecture, where it dynamically selects a small subset of expert networks to process each input,
allowing the model to increase its total capacity without activating all parameters during inference.

HRIKR: ATEkIE, Data compiled by Goldman Sachs Global Investment Research
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[E]% 8: Blended LLM token price (SDLLMTK) has been declining since early June, potentially driven by rising adoption of cost

effective China models
USS per 1M tokens

LSS per 1M tokens

2.5
Late May: DeepSeek, Xiaomi
MiMo price cut
2.07
2
1.67
12 June: MiniMax-M3, GLM-5.2,
Kimi K2.7-Code launch,
China open-source models
hiutting new high on
1 benchmarks/Arena ranking
0.5

Dec-25 Jan-26 Feb-26 Mar-26 Apr-26 May-26 Jun-26 Jul-26

The Silicon Data LLM Token Expenditure Index (SDLLMTK) is a daily blended measure of what the market actually pays to run LLM inference across frontier and
open-weight models.

FRIFIR: Silicon Data, 814, Data compiled by Goldman Sachs Global Investment Research
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B3k 9: Historical and projected capex for major US & China cloud service

providers
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We calculate Bytedance’ s (Not Covered) relevant operating metrics by analyzing the industry and
companies that we cover, and then extrapolating them to Bytedance.

FERRR: ARLKE, SREMIREHRTE

[E]Z& 10: Capex to operating cash flow ratio is still healthy for China
hyperscalers
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Case study on Meituan’ s LongCat 2.0: A milestone for China’ s domestic Al infrastructure

Released on June 30, 2026, we believe Meituan’ s LongCat 2.0 marks a major milestone as China’ s first official 1.6
trillion-parameter open-source Mixture-of-Experts (MoE) model trained and deployed entirely on a 50,000-card
domestic compute cluster. Purpose-built for agentic coding and complex software engineering workflows, the model
features a native 1-million-token context window enabled by LongCat Sparse Attention (LSA) and dynamically activates
an average of 48 billion parameters per token to optimize inference costs. Implications for a more self-sustainable China
Al model outlook that is less reliant on foreign high-end chips for model training: The successful end-to-end pre-training
and inference of a trillion-parameter class model on Chinese silicon (reportedly utilizing Huawei Atlas-950 SuperPods)
fundamentally drives a more sustainable China’ s Al model development outlook, in our view. While previous Chinese
flagship models, such as DeepSeek V4-pro, mentioned domestic chips for inference, LongCat 2.0’ s ability to overcome

20265 7H10H
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critical memory bottlenecks and distributed stability challenges during the compute-heavy pre-training phase proves
the viability of a wider and more localized hardware stack for Al model training in the future.

&% 11: Alibaba capex-to-revenue conversion ratio vs. Amazon and Google &% 12: China Internet yearly capex forecast
Rolling 12m incremental cloud revenue/rolling 12m capex (lagged by 1 quarter) USSmn
Capex_to_revenue conversion = Bytedance Alibaba w=ssmTencent = Baidu —9% yoy
mAlibaba » Google mAmazon 1,00 10
14 0
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.00 = l 20,000 20
I A O B . I, . ., P
FFFFFFEEEE S - 0%
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We benchmark Alibaba external cloud revenue growth to Google and Amazon Cloud (lagged c.2 years) For ByteDance (Not Covered), we impute capex based on industry trends.
RRRIR. AREUE, BRI AARE HERKIR: ARME, SREIIREMTE, 5218

20265 7H10H 21



Goldman Sachs REDEAIEE

Why are Chinese models pursuing an open source/open weight approach, and ways to
monetize?

Open source allows for higher flexibility in model training/deployment, and allows for the widest adoption and an open
community

Alibaba’ s Qwen model family has long pursued an open source approach (before adopting a closed source for its
largest and highest performing Qwen-Max models for better monetization), while other key Chinese Al model players
have mostly pursued an open source/open weight approach including DeepSeek, Zhipu’ s GLM and MiniMax M3 series
models with the exception of ByteDance’ s full closed proprietary approach for its Seed model. We believe the open
source approach allows for the highest flexibility in terms of the locations of where models are trained (and thus where
the models can be deployed both inside and outside of Mainland China after training). An open source approach also
allows for the highest adoption amongst the Al community with full transparency of the model parameters/architecture
for trust, and an open community in driving more user feedback and thus model iterations/improvements. The open
source approach vs. world’ s leading closed/proprietary approach also provides an alternative choice for worldwide Al
users when the best performing closed models have stricter user access and higher costs from their premium pricing,
especially at atime when ‘token-maxxing’ has become a key cost consideration for many corporates.

Open source models’ disclosed ARRs are likely understating total deployment and revenue potentials

While open source model companies offer their own coding plans and a chargeable open platform API channel (where
the model companies conduct their own model inference), the majority of open source models also allow
individuals/third-party hyperscalers/neocloud providers to deploy the models without a charge even for commercial
use (e.g. Alibaba Cloud’ s Bailian Maa$ platform can house GLM5.2 open source model without needing to pay a
fee/take rate to Zhipu). As a result, while Zhipu’ s last stated ARR target for year-end 2026 is at USS1bn, we believe the
actual deployment of GLM5.2 model worldwide is and will be multiple-fold higher vs. Zhipu’ s own API channel token
volumes and revenue. There is also increasing post training of Chinese Al models that are re-branded by global
companies (e.g. Composer 2 etc.) where the Chinese Al models do not necessarily receive any revenues given the open
source spirit.

We expect more shifts to open weight (with Community License) approach among Chinese Al models down the road

While Zhipu’ s open source GLM model’ s MIT license allows for free for all use cases (regardless of revenue), MiniMax
M series models have pursed a restricted license (where the industry terms it as an open weight with Community
License model), which requires MiniMax’ s agreement and commercial terms (e.g. revenue sharing/a take rate) on
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commercial use. We believe this will be the likely next path for other open source models in the Chinese Al model

industry, in order for eventual gross profits of inference tokens to cover training costs and for each Al model company to
achieve a sustainable path to returns.

% 13: Comparison of different open source licenses

Feature Zhipu GLM 5.2 MiniMax M3

License Type MIT License (Permissive) MiniMax Community License (Restricted)

Commercial Use  Unrestricted. Free for all users regardless of revenue  Restricted. Free only for entities with <US$20M annual revenue

Required. Must email api@minimax.io. <US$20M revenue needs

Approval Process  None. Mo permission needed to deploy commercially notice: >520M requires formal written license

Attribution Standard copyright notice retention (MIT terms) Mandatory "Built with MiniMax" label on products/U|

Prohibitions Standard legal limitations apply Explicit restrictions on military use, hate speech, and illegal content

HRIRR: ATEKIE, Data compiled by Goldman Sachs Global Investment Research

What are API platform services?

Chinese Al models typically monetize via subscription plans or their in-house API platform services. APl access is
typically offered on third party platforms like OpenRouter, Cline or coding agent platforms. As we expect more open
source models could shift to open weight, we believe the unit economics of Chinese Al model companies could improve
as not only can official APl channels be monetized, but also by revenue sharing agreements when these open weight
models are deployed and sold on third-party neocloud/hyperscalers like AWS Bedrock, Alibaba Cloud Bailian. Such

arrangements could become highly margin accretive as Al model companies will not need to conduct inference/bear
computing costs themselves.
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[EZR 14: API platform international enterprise customers through which customers can access Chinese Al models
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HEIR: ATERIE, Data compiled by Goldman Sachs Global Investment Research
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What are the key addressable markets, domestically and internationally, and key risks?

20265 7H10H

We estimate China Al models’ aggregate API+subscription revenue to increase from Rmb35bn in 2026E to Rmb879bn
by 2030E from rising model intelligence, in particular with recent models like GLM5.2 reaching a critical point for global
adoption and attractive pricing. Our revenue pool estimates for China Al models imply total Chinese Al model daily
token consumption of 350T in 2026E to increase to 4,600T by 2030E.

We estimate domestic market to see token growth of 25X by 2030E; coding landscape to consolidate while
agentic/low-end segment could remain fragmented

At 140tn daily token volumes for the country in March 2026 and several hundred trillions by June 2026 as per the
National Bureau of Statistics, we estimate open source/open weight models have roughly a 30% token share (vs. 70%
token market share by ByteDance alone, which is closed source and mainly driven by its Doubao app enterprise and
individual user base, as the #1 used Al chatbot in China). We expect similar to the US, the coding segment (at a premium
pricing level) will continue to be dominated by SOTA best performing models. Meanwhile, we expect the lower-end
segment focused on agentic Al will remain fragmented with multiple players due to the financial strength of Al model
companies/mega-caps which would sustain the lower-end segment price war for longer.

International (going global) to be the key upside; with potential for higher pricing and global proliferation, especially in
non-US markets

Our US research team estimates (link) agentic Al will drive 24X growth in token consumption by 2030 (from 2026) to 120
quadrillion tokens per month (or 4 quadrillion tokens per day, from their estimate of 170 trillion daily tokens today),
with the biggest driver at 55X from enterprise agents and 12X from consumer agents. The global (ex. China) landscape
has seen significant token share gains from Chinese Al models, as rising model intelligence and attractive token costs
have driven higher adoption across 24/7 Hermes/Claw/Productivity agents, and shifting global SME mindset on using
Chinese models in managing token costs given Chinese models have reached a ‘good enough’ stage in terms of
intelligence/performance.

Pivoting from ‘token-maxxing’ to ROI-focused metrics, e.g. Daily Active Agents/Agentic Work Units

We believe the Al token proliferation is undergoing a paradigm shift from ‘token-maxxing’ (an initial focus from late
2025 to early 2026 where enterprises equated high Al token consumption directly with organization productivity)
towardsan ‘ROI-first’ model that prioritizes clear task boundaries and output over raw computational volume.

m  ‘Token-maxxing’ has been attributed to corporate inefficiencies and cost overruns: Data from a Jellyfish Al
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Engineering trends study indicated heavy Al users at enterprises consumed 10X more tokens but only had a 2X
increase in output. Meanwhile, we note multiple US Internet companies have commented back in April 2026 that
either their engineering teams utilized a full year’ s Al budget in just four months using agentic products
(promoting stricter monthly caps per tool) or changed their internal token utilization leaderboards that previously
wrongly incentivized staff to launch inefficient/low value autonomous agent tasks.

m  Enterprise framework is pivoting towards an ROI-first model that prioritizes clear task boundaries, number of agents
per day, backend process automation and actual output over pure computational token volume. Besides a marked
increase in adoption of Chinese Al models, global enterprises have been downgrading default models to cheaper
flash models for more typical tasks (while reserving SOTA models for only the top most value creating tasks like
coding/programming). We see a transition from just token tracking to metrics like Daily Active Agents (DAA) and
Agentic Work Units (AWU), and believe the overall cost per task will become more relevant than price per token
metrics.

Open source/open weight approach allows for the option for U.S. hyperscalers to host Chinese models, operated within
U.S. cloud ecosystem

Alphabet and Amazon’ s (both covered by Eric Sheridan) respective cloud services Gemini Enterprise Agent Platform
(via. its Model Garden) and AWS Bedrock already offer a broad selection of Chinese Al models including DeepSeek,
MiniMax, Moonshot, GLM and Qwen which are fully managed by the US hyperscalers. Besides the model layer, into
applications, worthy of note is Microsoft (covered by Gabriela Borges) CEQ’ s recent remarks at a Wall Street Journal
interview (link) where he noted Microsoft is considering hosting versions of DeepSeek on Copilot as an optional,
cost-effective model which could give its customers access to cheaper choices alongside US proprietary models.
Microsoft indicated that if it hosts DeepSeek, the model would operate within its cloud ecosystem, ensuring customer
data stays inside Azure.

Noting key risks around any potential tighter geopolitical policies given Chinese Al models inroads into western
markets.

Key risks to the ‘going global’ opportunity will hinge on end market access (especially in western countries, and with
a focus on where computing is done/data is stored), access to high-end computing for Al model training (that could
impact iteration pace and cost structure of Chinese models), and restrictions on Chinese Al model companies could
impact supplier relationships/access to US companies and/or access to US capital. More in the key risks section.
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&% 15: China Al models now only account for
limited share of spend across different tasks, per
OpenRouter
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El% 16: While China Al models already capture
majority of token usage on price competitiveness,
esp. in long duration coding/agentic tasks
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FRIRIR: OpenRouter, Data compiled by Goldman Sachs Global
Investment Research
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FFIRIE: OpenRouter, Data compiled by Goldman Sachs Global
Investment Research

ZRIRIR: OpenRouter, Data compiled by Goldman Sachs Global
Investment Research
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Who are best positioned to be the long term winners? Introducing our Competitive
Positioning framework

We expect players with the largest ARR scale with a gross margin advantage + financial strength to be the long-term
winners.

ARR scale x gross margin advantage + financial strength

m Largest ARR scale (Token scale x pricing power)

®m  Gross margin advantage (Training & Inference efficiency, Technology)

®m  Financial strength (Balance sheet, Access to computing)

Accordingly, we introduce our Chinese Al model Competitive Positioning framework based on pricing power, cost
advantage and finance strength, overlaying with token scale and market share progressions, and identify Knowledge

Atlas (Zhipu initiation) and DeepSeek (private) as the most strongly positioned in foundation models, and Bytedance
(private) in multi-modal capabilities.

Foundation models

We assess each key player’ s competitive positioning from its flagship foundation model, scored across 3 aspects:
pricing power, cost advantage and financial strength (of the company), with each aspect further built upon granular
guantitative metrics.
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EZ 18: Competitive positioning framework for Al model players

Chinese models reaching Fragmentation between China
critical stage of intelligence for Al models but strong to get Agentic Al driving higher Access to computing, where
Key themes wide adoption across agentic stronger; pricing power to demand for value-for-money balance sheet and inference
come from frontier models/SLMs efficiency are key

tasks/specific coding scenarios
performance/multi-modal

Drivers of
;g:fp;ﬁ;en - Competitive positioning

Cost advantage Financial strength
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Pricing Power

Token  Throughput Parameter jnc.once
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BRRR: BREKRAHRRY

20265 7H10H



Goldman Sachs

REREAIER

B3 19: Overview of competitive analysis for key LLM labs’

Alibaba Qwen: Full-stack Al player with multi-year Alfcloud

upside, leading posifion of most areas
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FRRR: SREKIEEHATE

Pricing Power

m  Time to market: We assess this in terms of how quickly and effectively a player delivers frontier competitive models.
From comparing the launch date of the company’ s flagship models with its prior generation & other models at
similar performance level, we aim to assess whether the release delivers a meaningful capability step-up over its
past generation, and whether it narrows the gap to the current global SOTA models.
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m  Arena score (overall text): We view model intelligence as the primary determinant of pricing power, since models
capable of handling higher-value tasks can deliver clearer ROl and therefore sustain their pricing premium. We use
LMArena’ s score instead of any static benchmark because it reflects a large scale of blind user reviews, making it a
more objective read on the real-world capability.

®  Pricing (blended, USS per 1M tokens): We also refer to the realized headline price (across input/output/cached
input) for flagship models, where sustained higher pricing with iteration signals stronger pricing power, whereas
pricing cuts may indicate a more volume-prioritized strategy.

% 20: Text Arena score of key domestic Al models
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%R 21: Weighted pricing of key player models
USS per 1M tokens
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EEIFIR: LMArena, Data compiled by Goldman Sachs Global Investment Research

FRIR: Artificial Analysis, BB EHIR AR

Cost advantage: the structural cost-to-serve (i.e. inference costs) that sets the floor for price and margin

We refer to the below metrics as proxies for inference efficiency:

m  Throughput (tokens/second): Measured by the number of tokens a single GPU generates per second. The more
tokens a GPU outputs per second, the more fixed hourly compute cost is spread out. Therefore, throughput is a
strong indicator of inference efficiency, which depends on model architecture (sparsity & attention design) and

serving efficiency (batching & utilization).

m Cache hit rate (%): The share of input tokens served from cache rather than recomputed. In conversations and
agentic workflows, much of the input repeats across calls, so models can read those tokens from cache memory
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instead of recomputing from new inputs. A higher rate cuts compute, and since cached tokens are near-free to serve
despite being billed at a discount (10X-100X cheaper than input cost), it is also margin accretive.

m Parameter size/activation ratio: The share of total parameters activated per token (available for open-source MoE
models), where fewer active parameters mean fewer FLOPs per token and therefore lower inference cost, at any
given level of performance. We also read the absolute parameter size since calculation scales with this degree of

freedom.

m Inference GPM (where disclosed, or GS estimates based on total parameter size/activated parameters): The realized
gross margin on model API, where ~90% of COGS is inference costs, as a direct indication on cost efficiency.

&% 22: Throughput of key player models (tokens
per second)
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B3R 23: Cache hit rate of key player models
% of request served from cache memory instead of
new inputs, higher = better for cost/speed
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FRIR: OpenRouter, Data compiled by Goldman Sachs Global
Investment Research

ERIRIR: OpenRouter, Data compiled by Goldman Sachs Global
Investment Research

&3k 24: Active to total parameter ratio of key
player models

Share of parameters activated per token; lower means
cheaper inference costs given the same performance
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Financial strength: capacity to keep funding frontier R&D and training before a profitability turnaround

Cash on hand and net cash/debt as % of assets: We use total cash on hand as a measure of balance sheet strength, with
net cash as % of assets to normalize across players of different scale. We see mega-caps (compared with individual
players) as having greater resources to accumulate compute, fund multi-modal exploration and push faster product

distribution.

Valuation multiples: For independents, we use P/ARR 2026E multiples as they are not yet profitable and P/ARR is a more
comparable measure of business scale and future monetization potential, and for mega-caps we use P/E 2026E.

20265 7H10H
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&R 25: Cash on hand for key players
Rmb bn

Cash on hand by Mar grt, Rmb bn
600

mCumulatve private funding « Cash on hand

&0

500
400 40
300
200 20
100
; I
Alibaba

Tencent Xiaomi il e Zhipy DeepSeek

%R 26: Net cash as % of total asset for key players
As of July 2026

100%

60%

40%

o I N/A B

Alibaba ByteDance DeepSeek MiniMax  Tencent Kiaomi Zai

[E|%R 27: Net cash estimates for Alibaba, Tencent
and Xiaomi

Rmb bn, GSe
Rmb bn, GSe wAlbaba  wTencent = 3Xiaomi
500
400
200
200
) H

0

2003 2024 2025 2026E 2027€ 2028

FRIKIR: ATHIE, The Information, Data compiled by Goldman
Sachs Global Investment Research

HEBRIR: QABHIE, SERERRHRRE

&3k 28: Valuation multiples for key players
Mega-caps valuation on P/E, independent players
valuation on P/ARR, 2026E

117X

23X
15% 17X 14
How i n
Alibaba  ByteDance DeepSeek MiniMax Tencent Xiaomi Zai

P/E for Alibaba, Tencent, and Xiaomi; P/ARR for MiniMax and Z.ai;
Data as of Jun 26, 2026

El% 29: Independent Al players’ cumulative
external private funding (actual) and GSe for net
cash as of end-2026E

Rmb bn
= Cumulative raised Net cash at hand & Private funding rounds
60
8
A
7
A
40
20
. :
. ]
MiniMax Zhipu DeepSeek

N/A for DeepSeek’ s net cash at hand

HRRR: QARMIE, SRR EMRE

20265 7H10H

FHEIKRE: AFEIE, Goldman Sachs Global Investment Research

HRBRIR: ABHIE, BREIKIQAMFE
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Multi-modal generation models

We assess the competitive positioning of video generation players (ByteDance, Alibaba, Kuaishou and MiniMax) under a
similar framework across 3 dimensions: pricing power, cost advantage, and financial strength, with each built upon
more detailed metrics.

&% 30: Latest disclosure of Chinese Al video model ARR (US$ mn)
Chinese video model ARR (US$ mn)

1,800 litl ByteDance:
1,600
1,400
1,200
1,000
800
500 B KUAISHOU
400
=
0
Kling Seedance 2.0
end-War disclosure eatls-tun disclosure

HRIKR: ATIERIE, 36kr, Data compiled by Goldman Sachs Global Investment Research
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&% 31: Competitive positioning framework for multi-modal generation players

CP category

Time to
market

Pricing Power

Arena
score

Feature
varnety

Pricing

Cost advantage

Generation speed

Financial strength

Cash on hand

and net cash as  Ecosystem Valuation
% of asset support multiples
(PIARR)

FERKR: SREKEERTE

20265 7H10H
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&% 32: Overview of competitive analysis for key multi-modal labs’ positioning

ByteDance: leading in model performance with strong financial/ecosystem back-

up for quick adoption & commercialization

Time to market

Cash on hand Arena score

Ecosystem support Feature variety

Generation speed Pricing power

Alibaba: abundent resources to support rapid iteration for cafching up in

performance / feature offerings

Kuaishou: prionitizing enferprise & professional users with strong pricing power and

clearer monetization path, supporting a more manageable RO

Time to market

Valuation multiple .Arena score

Cash on hand — Feature variety

Ecosystem support” Pricing power

Generation speed

MiniMax: native multi-modal fraining (fext+video) to offer synergy on cost efficiency

& capability, with anticipated H3 launch as key catalyst

Time to market

JArena score

Valuation mulliplel.
Cash on hand

' Feature variety

Ecosystem support’ Pricing power

Generation speed

Time to market

Valuation multiple JArena score

Cash on hand + Feature variety

Ecosystem support® Pricing power

Generation speed

Bytedance’ s (Not Covered) relevant metrics are calculated by analyzing the industry and companies that we cover, and then extrapolating them to Bytedance. N/A for Bytedance’ s valuation multiple

FERR. SREKIREHRRH

Pricing Power

20265 7H10H
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m  Time to market: Measured by how quickly and effectively a player delivers frontier competitive models. From
comparing the launch date of the company’ s flagship models with its prior generation & other models at a similar
performance level, we aim to assess whether the release delivers a meaningful capability step-up over its past
generation, and whether it narrows the gap to the current global SOTA models.

m Arena score (average from text-to-video generation and image-to-video generation): We view model intelligence as
the primary determinant of pricing power, since stronger generation models handle higher-value tasks/commercial
work and deliver clearer ROI. We use the LMArena score instead of any static benchmark because it reflects a large
scale of blind user reviews, making it a more objective read on the real-world capability.

m Feature variety: Reflects the generation quality and accessibility of the model, where we further look at 1) native
audio (Y/N): whether the model directly outputs audio matched to the visuals, rather than requiring a separate
voice/audio model layered on; 2) max duration: how long a single clip the model can generate; 3) max # of
storyboards; how many distinct shots the model can generate within one clip, implying its ability to sustain narrative
coherence; and 4) max # of multi-modal reference inputs: how many reference materials beyond text prompt
(images or video clips) the user can feed in to guide generation.

m  Pricing (USS per min of 1080p video from text-to-video generation, without audio): We also refer to the realized
headline price for flagship models, where sustained higher pricing with iteration signals stronger pricing power.

&% 33: Video Arena score of key players
Average score of text-to-video generation and
image-to-video generation

1500
1400
1300
1200
1100
ByteDance Kuaishou Kling 2.5 MiniMax Hailuo 2.3 Alibaba HaDpYHorse
Seedance 2.0 Turbo
As of Jun 2026

% 34: Feature variety of key players
Native audio (Y/N), max duration (s), max # of
storyboards and max # of reference inputs (as
image/video, beyond text prompt)

mByteDance Seedance 2.0 » Kuaishou Kling 3.0

= MiniMax Hailuo 2.3 -Allbaha Hepp',Horse ‘I 1
Native 1,1 ByteDance % KUAISHOU I | MINIMAX
audio?
15

A1|hals1
Yes No Yes

12

; III

Max duration (s) Max # of storyboards ~ Max # of reference input
(image/video)

-

w

FHHEIKR: LMArena, Data compiled by Goldman Sachs Global
Investment Research

20265 7H10H

BEFR: AEEIE, Data compiled by Goldman Sachs Global

Investment Research

&% 35: API pricing of key players at the same
settings
USS per minute

15
USS per minute for 1080p video,
from text-to-video generation, without audio

0 .

Alibaba HappyHorse ByteDance Seedance Kuaishou Kling 3.0 MiniMax Hailuo 2.3
11 2.0

ByteDance Seedance 2.0 datapoint is for 720p video generation (as
default setting), all else equal, as per Artificial Analysis

FRFIR: Artificial Analysis, Data compiled by Goldman Sachs
Global Investment Research
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Cost advantage

®  Generation speed: Seconds to generate a 5s 1080p clip, where faster speeds indicate higher unit compute utilization
and lower inference cost per video.

B3R 36: Generation speed of key players
seconds, lower = better

seconds needed to generate a 5s, 1080p video

160

120

40

IN/A

Alibaba HappyHorse ByteDance Kuaishou Kling 3.0 MiniMax Hailuo 2.3
1.1 Seedance 2.0

As of early-July, 2026

R Artificial Analysis, Data compiled by Goldman Sachs Global Investment Research

Financial strength

m  Cashon hand and net cash/debt as % of assets: We use total cash on hand as a measure of balance sheet strength,
with net cash as % of assets to normalize across players of different scale. We see mega-caps (compared with
individual players) as having more resources to accumulate compute, fund multi-modal exploration and push faster
product distribution.

®m  Ecosystem support: Customer acquisition and distribution channels within the player’ s ecosystem (including
content platforms, editing tools and MaaS), where platform companies such as ByteDance and Kuaishou have an
edge in strengthening enterprise commercial adoption and consumer traffic acquisition, thereby powering their
data flywheels.

®m Valuation multiples: For both MiniMax and Kuaishou (with Kling Al valuation at US$18bn post-money implied
valuation, see our team’ s analysis), we use P/ARR 2026E multiple.

20265 7H10H 38
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[EZ 37: Cash on hand and net cash as % of total assets by 2025 for key players [E]Z& 38: Ecosystem support and valuation multiples of key players

Rmb mn
600,000

500,000

400,000

300,000

200,000

100,000

N/A
Alibaba ByteDance

P/ARR multiples, as of end-2026E
Ecosystem suppor?

=0R0 08 B8 g
Kuaishou

Taobao-Tmall  DingTatk  Red Frut DGI‘-I'YTJ'.U'

Hanlwo Al
] WonderClip
s (B o ey
editing ’ genaration 2 [
i Owen platform Jimeng CapCut Kiing Al CapCut
18X
5 17X
* 11%
) o Alibaba ByteDance Kuaishou MimiMian
Kuaishou MiniMax

FERRR: ARLKE, SREMIREMTE

FHFKIR: LatePost, AREUE, BB EIIRHEHAFTE

Key upside and downside risks

20265 7H10H

Upside risks:

Stronger-than-expected model intelligence uplift from self-sustainable positive flywheel: Breakthroughs in coding
and multi-modal performances, offering seamless integration and understanding across text, image, and audio,
would unlock new applications, physical Al and AGI potentials.

Faster-than-expected path to profit visibility: If Chinese Al model companies shift faster toward being open-weight
(from pure open source) and demonstrate superior operational efficiency, such as optimizing model inference costs
and training infrastructure, or diversify monetization channels to achieve higher revenue growth or better unit
economics sooner, it would accelerate the timeline to positive cash flow and net income. Early profitability would
boost investor confidence on the Al model industry, potentially reducing the need for future external funding.

Additional non-inference take rate revenue streams: If Chinese Al model companies are able to train and achieve
SOTA model performance, an open-weight approach charging take rates/revenue sharing on
neoclouds/hyperscalers that house such models and sell to customers may transform Al model company business
models to a high gross margin business (without needing to conduct inference for each token sold, but earning via
revenue sharing with platforms that sell top performing Chinese models).

39



Goldman Sachs

REREAIER

20265 7H10H

Stronger-than-expected commercialization capability: Growth of new applications, Code and Co-Worker platforms,
coupled with ‘digital worker’ agent models could provide multiple channels for revenue generation. If these
channels achieve higher-than-expected adoption rates, conversion efficiencies, or ARPU, Chinese Al models could
outperform current revenue forecasts.

Downside risks:

Competition in global foundation model industry, vs. US/China mega-caps: Chinese Al models operate within the
intensely competitive and rapidly evolving global foundation model industry, where the risks include the challenge
of keeping pace with swift technological advancements, frequent new product introductions, and dynamic
customer demand. Failure to adapt products and invest significantly in R&D in a cost-effective and timely way, could
lead to diminished competitiveness. In addition, the early-stage nature of the market opportunities makes customer
demand unpredictable and an inability to meet user requirements would risk losing existing users and adversely
impact revenue.

Limited near-term profit visibility due to high R&D expenses: Achieving and sustaining profitability of Chinese Al
model companies in the near future could be a challenge, as success depends on continuous technological
development, user experience improvement, and effective commercialization. Failure to manage escalating costs
and generate adequate revenue could materially impact the company’ s financial position and profitability.

Risks around IP/content generation: Chinese Al models, especially multi-modal generation models, face risks from
the generation of inappropriate content. Similar to challenges encountered by other Al applications, such as
lawsuits against Character AI’ s chatbot for its alleged role in teens’  safety, image/video-generation models could
be exposed to reputational damage and potential lawsuits. Robust content moderation and ethical Al development
are crucial to prevent adverse output and ensure a safe user experience. Chinese companies could also face risks
from third party intellectual property/distillation method infringement claims, from both the data used to train their
models and the content they generate.

Cash burn/self-funding capability: The intense capital requirements for advanced Al model training, coupled with
rapid technological advancements by competitors, could pose financing risks to the relatively fragmented Chinese
Al model landscape. In addition, any models that fail to keep pace with leading peers could run into difficulties in
generating sufficient revenue (ARR x inference gross margins) to cover training costs.

Risk around geopolitics under an intensified tech race between the US and China: Any US restrictions on the use of
Chinese Al models could limit market access and adoption, and Chinese Al model companies could also face
increased costs if barred from training its models on US cloud service providers or be included into any list which
limits procurement of US supplies from hardware to software. The evolving global chip availability dynamics also

40



Goldman Sachs BRerhEAIEE
present a critical supply chain risk.
China’ s key Al players at a glance
Mega-caps
&% 39: Alibaba
Alibaba: Full-stack Al player with multi-year Al/cloud upside, leading position of most areas
Competitive positioning: leader in pricing power on model performance and
Full-stack, self-developed Al roadmap funding strength
ir Enterprise / developers Consumer For agents
Application | Wikong  Qoder o B Qwen Time to market
I Qwen Coding In-app Al . -
| Code plan functons Skills, MCP, CLI Valuation
. : »Arena score
multiple
LLM Muilti-modal Maas platform
Model + Qwen-3.7-Max Video: HappyHorse, Bailian
Maas #1 domestic on AA, WAN Unified model access
LM Arena (Math, World: HappyOyster (Qwen +3rd-party)
Longer query) Native omni: Qwen Omni Cash on hand pricing
Cloud infra & :
Cloud development plationm Stackrebustior |} Agentnative cloud I
Compulte, storage, Al workloads Qwen Cloud /
PAI (Al dev platform) Parameter
v v Cache hit rate size/activation
. chip system ) .
Chips & @ Zhenwu Meg0 (flagship) ICN interconnect, Panjiu | ratio
systems T-HEAD ~560k Al chips shipped to 128-chip supernode Throughpul
400+external customers server... !
]
Al-related / Maa$ revenue ramp up quickly with growing contribution to cloud Sustained Al investments continue to reinforce leadership in cloud/Al
growth acceleration and margin expansion infrastructure, while gradually converting into revenue
=== []
Al-related product /
co;;i:utlo::rto ::te::;‘l:":::’:ud Maas ARR targets (Rmb bn) Capex-to-revenue conversion China Al cloud market share (2025)
mAl-related product revenue 30 30 mAlibaba = Google = Amazon 5.1% 9.4%,
) -7 Others
« Al-related as % of external cloud revenue (GSe) 70-80% contributed by 0.35 China
. in-house models (Qwen 0.30 529 Mobile
25 + 50% and multi-modal) : SenseTime
* 20 0.25
20 COmPEnY 40% 3 o%,
* arget 0.20 China
15 —5 30% 0.15 Teico
10 010 6.3%,
10 20% 10 8 g Tencent
0.05 I Cloud i
5 10% 0.00 9.4%, i
W W W W OO ® O W W W Baidu Al
0 PUOSIIIINRNRN Cloud 20.4%,
0 0% 0 L hihlhihldld>>> ByteDance
1026 2Q26E 4Q26E In1 mid-May ~ 2Q26E  4Q26E 288988995666 Volcano Engine
year B R
HEBRR: ATHIE, BRI RMRE, Omdia
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&% 40: ByteDance

ByteDance: Deep resources for broad Al exploration with strong consumer base and product portfolio

Al roadmap across full stack

Multi-modal Competitive Positioning: Seedance superior performance with
strong financial/ecosystem back-up for quick adoption & commercialization

Douyin Jimeng Doubao Feishu
#1 MAU Al
User entry - e app in China °
< «» at 360mn+
Consumer Enterprise / developer Al hardware
Application Doubao Jimen, Al
PP g Trae Code / Work glasses
CapCut Cat Box Feishu Coze agent Earpod
(E3RR) (3458) Al dev platform s/phone
LLM Multi-modal Maas platform
Seedance (video), run rate at US$2bn Volcano Ark
Doubao-Seed-2.1 :
Model + Maas i a&,_,;e Seedream (image) / Seeduplex (voice) Unified access
/ Seed3D / VeOmni / GR-RL (robotic) (Seed +3rd-party)
i Self-developed chip
Cloud / Volcano Engine i
i Inference, CPU, elc.(expected
Cloud & systems robust computf resources, E production before end-26)
server, siorage i team of 1k+ people

Time to market

Cash on hand ~Arena score

Ecosystem [ Feature variety
support
Generation. Pricina power
speed Rk

Leading in token consumption growth and consumer adoption

Al capex ramping fast, with video models (mainly for enterprise) gradually
contributing revenue: Seedance at US$2bn run rate

Doubao reached 150+mn DAU as most
popular Chinese AIGC app

China token consumption proliferation,
led by ByteDance, trn

May 2025 Sep 2025 Dec2025 Mar2026 Qé‘ & ¢ ?oQ‘ & qéy &

u China overall Bytedance e DeepSeeck Doubao
160 s QWEN Yuanbao
180,000
120 150,000
120,000
80 | 90,000
60,000
40 30000 e[S
0 ¢ J
0 & P 5 © P

Revenue/ARR (Rmb bn) Capex (GSe, Rmb bn)
’

Media reported
Maa$ Seedance
revenue ARR mmmmm Rmb mn % yoy
600 160%
Revise up to — 141%
Apr-26  -> \ 120%
\ 400
End-25 goal ->
80%
50%
200
I l30 40%
canll o
2 Vv ] B
4 Q‘l’ q§L b '\ %
End-2025 End-2026 June disclosure L P P P

Bytedance’ s (Not Covered) competitive positioning metrics are calculated by analyzing the industry and companies that we cover, and then extrapolating them to Bytedance. N/A for the valuation multiple in the

competitive positioning chart

FEEFIR: REEIE, SRSIKIEEM RIS, LatePost, QuestMobile
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B3R 41: Tencent

Tencent: Strong contender after Al strategic revamp; potential in Weixin Al agent

Al roadmap powered by Tencent's application ecosystem

Competitive landscape: strongest on funding, with relative leadership in cost

WeChat Mini programs Yuanbao WeCom QQ Browser
User ent
v a @ 8 ® 4 o
Consumer Emerggsc?ef::;sonal SkillHub
Agentic WeChat Yuanbao
applicatlons agent APP WorkBuddy CodeBuddy Sk+ skills
}En‘::[:i%g QClaw ima RDP40 for agent
LLM " Maas platform
Multi-modal
Model + MaasS Hy3 || imege 3.0/ Video 5 TokenHub
Hunyuanrebuiltunder Chief World 2.0/3D V3 Unified model access
Al scientist Yao Shunyu : (Hunyuan +3rd-party)
Chips & Tencent Cloud Lighthouse Tiplatform
P Infra support, with Cloud server for Development
systems compute/storage lightweightuse platform

efficiency
: Time to market
i 1
| Valuation -
| multiple /* i »Arena score
I
! i
Cash on hand : ~— Pricing
| !
\ 'l ' Parameter
I Cache hitrate®~ | ~__“sizelactivation
| J ratio
Throughput

Agentic products scaling fast: WorkBuddy domestic #1 desktop office agent by
monthly visits, with WeChat's consumer-facing agent as next catalyst

Al capex ramping (with 2026 Al-related spending at least reaching Rmb36bn),

while remaining a fractmn of growing cash on  strong main husmess

WorkBuddy leads China’s PC-
native office Al agents in both user
satisfaction and traffic growth
Use case
Net Promoter Score Mar monthly visits (mn)
, periDC rank #1, per Analysys

Shopping / logistics

average
1

First-batch partners

WecChat Agent to enter public beta
testing soon, turning mini-programs
into Al callable functions

User action example

"Find product order,

3ot track delivery”
7.7% { 8.9 goq+831%
Food/ local senvices ™8 Meituar "Order food / coffee nearby”
3.3
I Ride-hailing Coip “Call a ride from A to B"
Indust WorkBuddy WorkBudd Trae
vy i Y Travel booking Ccmﬂ "Book fight / hotel / itinerary”™

mCapex = Total cash

Rmb mn, GSe
! 600,000

500,000
400,000
i 300,000
200,000

100,000

2025

2024

i 2023 2026E 2027E 2028E

FRRIR: ARLIE, SBREIIRHEHRFER, Analysys, IDC
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B 42: Xiaomi
Xiaomi: Pushes efficiency frontiers of LLMs; Rich applications scenarios in to-C/to-B and physical intelligence

MiMo-V2.5 series differentiates itself in terms of cost (MiMo-V2.5) and speed

Xiaomi's decade of roadmap and technical expertise in Al (MiMo-V2.5-Pro-Ultraspeed)

; . Stage 2: Strategy . ) . )
SeaenFOmdNd L Ronement +inhouse gD | S0l Emponsredby A ——MiMo V2.5 MiMo V2.5 Pro ———MiMo V2.5 Pro Ultraspeed
[ Juaws ' (v i Ceonw ¢ szsa ) B L R T
| Pty o i e | gl | ey | ' Lowest inference .
———————— ; e | Ry GHEWEEY | costs among peers !
| ' | i | I i S S g
S T T I._. )
fmﬂ:i VO e
| Lomched_ ! : L T s ki {
Stage 4: Cutting-Edge Al Technology Investment Context
:r ;ﬂﬂg 1y z‘gﬁ“ : : M.Mo-y\:?wsn.?m| ‘: {ijﬁl:‘.p:&g : E ;mﬁim ‘ T ' -T - ' """" 1|
i e | e, | e [ Highest nference |
] | 1 I J speed among :
_____ oo I . peers __ _______
e ‘. { wnozs ] w026 |
| Mibo-7B model I MioV2 B.Pro - i 5
=y R ) Hegs
Token-usage surged 27x in 1TH26; Al monetization strategy is taking shape Full-stack in-house capabilities and cross-layer synergy
MiMo API token usage expanded 27x in To-C monetization:
June vs. Jan 2026 level - Al-driven OS (operating Enterprise Efficiency
systel!m) 1 Eeospmlm e memmme—m———m———————
30x 20.0x - Monetization through traffic, e Toal Context
25x ads, eCommerce, efc. Oheecsiio}  Whesgemen!
State State Validation & Security &
20x et B R e R BBy M o ey
To-B monetization: S
12 - Token plans Wimocel LU Werdmace
10x - Coding andenterprise ! /S 0 oo
5 productivity Video  Emvironment Spatial Interaction
Time-series Sensor Scientific Manufacturing
Ox Physical Intelligence: | /AN - cccooeooeToossoosssosssosssosssoesoooe
('5} 6 "l?) 6 '1?’ rp A' J i Training Inferance Data Dey
& e - AloT ecosystem collaboration imiink Il ontier! Gl e
& Qﬁ W ‘?'é NN via Miclaw and Miloco
- Robotics
Note: Take Jan-2026 level as 1x - Smart driving

HRKIR: ARMIE, SREHIREMTE
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Key independent Al players

B3R 43: Zhipu

Zhipu: Leading model capabilities in coding/agentic scenarios

Al roadmap with emphasis on foundation model iteration and coding/agentic Competitive Positioning: leading in operational efficiency and coding model
capabilities intelligence, which Zhipu believes to determine pricing power
GLM-4.T GLM-5.1 GLM-5.2
S S S A T T e AT Time to market
HighSpaed
OLI-Daswd mocw Aukich by ot GLM-Z1.Ruminaion  GLM-5-Turbo Valu a]ion
Agent | e Q---Qnmmnmmmm=nee @----mmee- » . rena score
AutoGLM AutoGLM 2.0 mul|p|e
GLM4.7 /
s T GooBaax T e O el T :
L T N A N ! "/ \ L.
generaton Vi A e Cash on hand* : Pricing
GLM-Realtime AutoClaw f
AutoClaw sef-evolution /
R T G T P (e STy o L (i
ingyan) app [
Py B > A R \ W~ \/ / Parameter
eV e o 3 & . \ - . . .
S B 2 S e e Cache hitrate-_—_|"_—_“sizelactivation
) ) Founded by Dr. Tang Jie ~.J1 ratio
Rapid model / product iteration in coding and : : :
agentic use, on the back of one of the strongest Professor of Tsinghua University Throu gh pu1
ic pi
R&D teams amongst domestic players fke staff (-70% R&D) 600+ interns
- =

End-March ARR run-rate at US$250mn (+60X yoy), targeting US$1bn by end-

Top coding/agentic model performance support continuous pricing uplift 2026 on higher pricing and token consumption

i i
LMArena text-to-text task leaderboard GLM-sgries API & s_ubscription pricing s Zhipu ARR (US$mn)
across math, coding, creative writing, etc.  trend higher Y TD with new model launch ) ‘
1475 14?11 Date Product Pricing action .
B Feing 800 Zhipu target US$1bn ARR by
145? 1455 4 cq 5 = R end-2026, driven by higher
aid 600 AP pricing power & token
Mar-26 API GUME-Turbo AP price up by 20% consumption
1414 Ape-28 AR GLNS 1 AP price up by 10% 400
: : 250
Mey-20 R e end-March,
Accrlabe pice g YD e 200 last disclosed,
& Coding plan yoy + 60X
,\3“0 ‘ %& @\\ Feb2  GLM coding plan Subs cription mrice up by 20% 0
6" ”-'l Owerseas GLM A e Wl rf) vl .-&: o o @ i
& Apr26 Subs miption price up by 50-140% o oV v a7 4
"p@a *‘ codg pln ‘_q‘ \‘:s’\ s;‘ 53‘ eﬁb gqfe & @ &

FRRR: AREIE, SBEIIRAEHRFTE, LMArena
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B3 44: DeepSeek
DeepSeek: Extreme cost efficiency to sustain scalable token usage on competitive pricing

Frontier architecture innovation driving natural commercialization T

later added) and commits to open- given highly affordable costs. products/SMEs/

performance
BT T T T T T T ]
Origin I Today |
- To-C .
I Spun out of High-Flyer hedge <> [ : V4 released in Apr, SUPOing peepSeck Apn | Time to market
! | fund, founded in Jul 2023 by Liang || 1M context window ata DAU ~30mn | 1~
| Wenfeng. Il fraction of memory/KV cache | P W~
Il needed (at 7-10% of V3 model) To-B | A A\
I The company focuses on text || via CSA+HCA hybrid attention,  Cost-effective API | Cash on hand . ' ~. Arena score
: models (with visual understanding | | faciitating further agentic adoption for mega-cap agent I o
1 : .
| 11 '

. source strategy since R1. individuals 1
May 2024 Dec 2024 Jan 2025 Dec 2025 Apr 2026

- - - * * > _ L

v2 V3 R1 V3.2 V4 Cache hit rate /7~ Pricing
e e e e e e e e s e s b e e e e g | /
I The DeepSeek moment (Jan 2025) 1
I R1 achieved near-SOTA performance on math, code and multi-step reasoning, trained on a |
| reported 1/10 the compute of global peers, and chose open-source under MIT license, | N\ Parametel'

challenging that frontier capability requires brute-force compute, all on 3 architecture innovations | A J z. o :

| 1) MoE (sparse activation): 37B of 671B params activated, cutting compute and memory | Throughput‘ size/activation
| 2) MLA (latent attention). compress KV Cache, enabling long-context reasoning on lower memeory cost .
| 3) GRPO (RL): reasoning largely through self-improvement, without massive human labeling : ratlo
L

First external funding in Jun 2026 at Rmb400bn post-money valuation backed by

Extreme efficiency translating into low price and sustained token-usage share strong industrial investors

1

Competitive blended price on DeepSeek holds a steady share of 400 E
continuous efficiency improvement global OpenRouter token usage ) ) i
0.2 018 aDecpSeck mChina total = Total DeepSeek completed its first private round i

funding in Jun 2026, as media reported
0.06

Key investors besides founder Liang Wenfeng
DeepSeek V3.2 DeepSeek V4 DeepSeek V4

27% Rie ) Tencent CATL
l 10% < shown by 1) single-
token inference % NetCase =
- FLOPs as % of V3.2 @l JD.COM
DeepSeek V4 DeepSeekV4
Pro Flash 51
10% 7%

and 2) KV Cache SELEELREEREEL R -

as%OIV32>  peenseekV4 DeepSeckVd 5 3 S 2 958 3 85855 3 , :

Eppm eglasn < §3528038885¢p2<a8 Amount raised Post-money valuation

DeepSeek’ s (Not Covered) competitive positioning metrics are calculated by analyzing the industry and companies that we cover, and then extrapolating them to DeepSeek. DeepSeek’ s latest funding round
based on Reuters.

FERRR: ARLKIE, SBREIIRHEMFE, OpenRouter, BE
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REREARER
B 45: MiniMax
MiniMax: Unique full-modal capabilities among independent players; cost-efficient computing architectures
Full-modality offerings and product roadmap, with long-term goal towards a Competitive positioning: strong on multi-modality offerings and cost efficiency
unified multimodal model among independent players
model
wabSS  sbabso Ted01 M1 M2 M21 M25 M27 M3 Time to market
Valuation _—
m";l:”:'“m ......................................................... au? 0 P Arena score
Hailuo-01 Hailuo-02 Hailuo-2.3 mullple_- ) A o W A Y
Speech-02 Speech 26 &)
ACNBES N . ......... vz ool ey Moo /TR NN N
peech-01 usic-01 usic-02 Music- 1/ 77/ 1 \ \ A A <
" Cash on hand ¢ —4-X ++ Pricing
Open Platform Hailuo Al Agent)  MaxClaw MiniMax Code A\ AN WA ///
Productlaunching Takoxnge " MinMaxAudo CodingPlan  Token Plan N/ /
2023 2024 2025 2026 L 7 &y g ,"_Pam""ete_r
Cache hit rate“_ /" _~'sizelactivation
: _ 3 ratio
Full modality Multimodal Multimodal ; :
intelligence understanding generation cmed mu.'ﬂmo?af Throu gh put
breakthrough VLM + LLM Audio + Video LI
API gross margin above 60%, with higher-margin multi-modal contribution and April ARR run rate at US$300mn (2X from Feb), targeting US$1bn by end-2026
~40% on text models alone, at much lower API pricing with API + Token Plan contribution above 50%
B r
MiniMax API gross margin reaches 60%+  Text model gross margin at ~40% (per :
(with favorable contribution from MiniMax), on much lower API pricing s iniMax ARR (US $mn)
higher-margin multi-modal models) 1.000 —+-
At Yz of Zhipu pricing... ?
1 MiniMax © Zhipu 09
80% 0.22 800 MiniMax target US$1bn ARR by end-2026,
70% — where API + Token Plan revenue
60% MiniMax-M3 GLMS5.1 600 contribution exceed 50%
50%
L 40% ...contributed by higher ! A0 300
! o cached hit rate : April average, last
30% 200 e disclosed,
fg;lz 86% - 2X from Feb
[ °
0% R R T - I R s g
2023 2024 2025 MiniMax-M3  GLM-5.1 W & M F P &

HRRR: ABHKE SRR EMRRE
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Price Target Methodology & Risks

Price Target Risks and Methodology - Alibaba Group
Valuation methodology: We are Buy rated on BABA/9988.HK, with SOTP-based 12-month target prices of
US$186/HKS180 per ADS/share (FY27E-based).

Key risks: (1) Lower-than-expected GMV growth due to macro/competition; (2) Slower-than-expected monetization in
China retail; (3) Weaker-than-expected execution in key strategic investments; and (4) Cloud revenue growth
deceleration.

Price Target Risks and Methodology - Tencent Holdings
Valuation methodology: We are Buy rated on Tencent (0700.HK), with a 12-m SOTP-based TP of HK$700.

Key risks: More intense industry competition in performance-based advertising, unexpected delays in game
launches/Banhao approvals, moderated growth in FinTech and Cloud businesses, slower-than-expected Al
development progress, reinvestment risk.

Price Target Risks and Methodology - Xiaomi Corp.

We are Buy rated on Xiaomi with a 12-month target price of HK$40, based on a SOTP valuation methodology: 1) 16x
target 12m-fwd EV/NOPAT on Xiaomi core; 2) DCF-based valuation for Xiaomi EV of US$42bn (12% WACC and 3% TGR); 3)
a 10% holdco discount. Key downside risks: 1) More intense competition and weaker market share gains within the
global smartphone industry. 2) Higher GPM pressure on the smartphone/EV business. 3) Below-expected execution on
Xiaomi brand premiumization and the EV business. 4) Intensifying geopolitical risks and regulatory uncertainties. 5)
Softer macro environment and weaker smartphone/loT demand. 6) FX fluctuation.

Price Target Risks and Methodology - MiniMax Group
We are Buy rated on MiniMax with a 12-month target price of HK$860. Our valuation is based on DCF valuation, with 12%
WACC and 2% terminal growth rate.

Key risks: Weaker-than-expected model performance amid the competition in the global foundation model industry;
Slower-than-expected path to profit visibility; Weaker-than-expected commercialization capability; risks around
IP/content generation; cash burn/self-funding capability; risks around geopolitics under an intensified tech race
between the US and China.
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Price Target Risks and Methodology - Kuaishou Technology
Valuation methodology: We are Buy rated on Kuaishou with a 12m target price of HK$68, based on P/E valuation (target
P/E multiple of 15X applied to our avg. 2026E-27E EPS).

Key downside risks: 1) Slower-than-expected ad budget recovery; 2) Weaker-than-expected Kling monetization; 3)
Slower-than-expected growth of its aggregate user engagement base (DAU x time spent per DAU); 4)
Lower-than-expected profitability; 5) Weaker-than-expected Al progress.
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F’A), Z=BAE, CFA. Eric Sheridan. 3K#&3l. FL<{m, CFA. Timothy Zhao. #i7Ti&. Iris Xiao. ERdafE. FEMEE. XEF, 7ELbEREA, KNIREMFAFMENAERRRT HITW R AR HEIESH
PAFEE o, BIWHFENEFABIFES, 75, BEFREFREFHNAMEFE NS < ERHEIRERX.

FREETIAFIEENSREIRERREDFIT, FFRIESEHRA.

SER1EE: ZBAE, CFA Goldman Sachs (Asia) L.L.C.. Eric Sheridan Goldman Sachs & Co. LLC. 3{#%] Goldman Sachs (Asia) L.L.C.. #L%{%, CFA Goldman Sachs (Asia) L.L..C.. Timothy Zhao
Goldman Sachs (Asia) L.L.C.. §7T:& Goldman Sachs (Asia) L.L.C.. Iris Xiao Goldman Sachs (Asia) L.L.C.. EB&afE Goldman Sachs (Asia) L.L.C.. /E¥&HI5 Goldman Sachs (Asia) L.L.C.. 8%
Goldman Sachs (Asia) L.L.C..

FREWEN “TWIMEE NERSMIEMABONIN, FIESHEIRE.

ERERNE

= =

E@%i*ﬂ%%&ﬂﬁiéﬁ#%—ﬂﬂﬁ%‘eﬂ’ﬂi%?ﬁﬁ’—iFEiZJ (BPERANE FITRRIRZCEE) FMATLREINBLEESRITN ZRIRAE R, NPT EIEMEE K, WSOER, MERER ((GE) NEERE (BK. 1S
E#k. EEFBNESER  BK WSORNGEELSZASRREAFETNER LR ITE, MERXEREITERCHRIMIEHRUNEXIETNE 2. SUEITHAKITES IR EY
SEE. TUMFRBMXNFARMEMREL, EfNERENT:

ERiETEET - RIRENTURAHEELR, EBITDAERNESREIIZE (ERKRNEXASREMNMHELER) , RENELURTAREKRR, MSEREET -IRZENTRSEFEIRE. ROCEM
CROCI (ERRICKAAABFORE) , ReNENURTARNWSERRE, GEEHET-RRENTITEER, TR, RN/RE. EV/EBITDA. EV/FCF. EV/DACF (EV/ZfSS5EARMIIETR)
(ERRXKRATRE. TARNRN/KRS) , BB URTARNGERIRS. SaRRESUNEKED (L. WSEIRED UM (100% - HEGHED ) HFHE,

A5 EHRFGEE S ERASEDTMEVBREERNRREDINEENTN, ERKERARREDTNIEENMBREETNSRREDINEZENMHREETNNLER FrEiEtnaERsREE) -

NETREREFHEBAGHIE, FRECHBBRAE.
HIEF

ARNNEMRESTETR, RINVEBHBERRDFTRE, SEEEEMENEERER (FTWAMXAIRSERTRE) LIt AFEQBRBIERI RN, ARRKINRRMIEBT AR #TH IS, Hh1n
HRRAB LA H AREIRIEERRE (30%-50%), 23 REMENFE(15%-30%), 37 RERBEIRRK(0%-15%). MFFRNIH2MAE, HIHERARBE—IVERHBERZGIMERNVBEFNE LD, H
TR RBINABXAKR, ERFFHAERERNOERMNE ST, DRMERTIRSFRIUTFLOHEHAFITE,

Quantum

QuantumERHEAMSIRERKIBHE. MUMLENBREEIEE, THUBTFHE—ATNRASN, REFETUAMHEHH AT ZEHTHR.
= RIREE

[== PN

Logo disclosure
Third party brands used in this presentation are the property of their respective owners, and are used here for informational purposes only. The use of such brands should not be viewed as an
endorsement, affiliation or sponsorship by or for Goldman Sachs or any of its products/services.

Financial Advisory Disclosure
Goldman Sachs and/or one of its affiliates is acting as a financial advisor in connection with an announced strategic matter involving the following company or one of its affiliates: Baidu, Inc.

Rating and pricing information
Kuaishou Technology (Buy, HK$40.46) and MiniMax Group (Buy, HK$323.80)

Alibaba Group (ADR), Alibaba Group (H), Knowledge Atlas Technology, MiniMax Group #1 Tencent Holdings BB ZiFR 2 HEM F HEETBHAFSEREAMNEM A B AHEX TS : Alibaba Group (ADR),
Alibaba Group (H), DiDi Global Inc., Full Truck Alliance Co., J&T Global Express Ltd., JD Logistics, JD.com Inc. (ADR), JD.com Inc. (H), Jingdong Industrials Inc., Kerry Logistics Network Ltd.,
Knowledge Atlas Technology, Meituan, MiniMax Group, PDD Holdings, S.F. Holding (A), S.F. Holding (H), STO Express, Sinotrans Ltd. (A), Sinotrans Ltd. (H), Tencent Holdings, Vipshop Holdings, YTO
Express Group, Yunda Holding, ZTO Express (Cayman) Inc. (ADR), ZTO Express (Cayman) Inc. (H)

Kuaishou Technology FIR ZiF & EBW FEF BT EERNEMATRAEIHTSR: 37 Interactive Entertainment, Alibaba Health, Bilibili Inc. (ADR), Bilibili Inc. (H), Damai Entertainment Holdings,
Focus Media Information Tech, G-Bits, JD Health International, Kuaishou Technology, Mango Excellent Media, NetEase Inc. (ADR), NetEase Inc. (H), Perfect World, Tencent Music Entertainment
Group (ADR), Tencent Music Entertainment Group (H), XD Inc., Zhihu Inc. (ADR), Zhihu Inc. (H), iQIYI Inc.

Xiaomi Corp. FIRRZEiFEBEMN FH BT EERNNEM AT REIHTS: Autohome Inc. (ADR), Autohome Inc. (H), Beijing Sinnet Technology Co Ltd., East Buy, GDS Holdings (ADR), GDS Holdings
(H), KE Holdings (ADR), KE Holdings (H), Kanzhun Ltd. (ADR), Kanzhun Ltd. (H), Kingsoft Cloud, Ming Yuan Cloud, New Oriental Education & Technology (ADR), New Oriental Education & Technology
(H), Offcn Education Technology, Range Intelligent, SUNeVision Holdings, Shanghai Athub, TAL Education Group, Tuhu Car Inc., Tuya, VNET Group, Weibo Corp. (ADR), Weibo Corp. (H), Weimob,
Xiaomi Corp.
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S5 8EXNEENE

EEREME.: F5iAhttps://www.gs.com/research/hedge.htm|VEEE B, FEEFFIE R ATIERANIFEEEBIS I RIAHRIEXARIRS.
RN/ ARBITRR

RN AR SR ESCE

WRD T BRERITRR
EN L] Sz EN S Bt
2% 50% | 34% | 16% 65% | 60% |  45%

BE2026F48 10, SREIIKEMRFINI,0TAMBRIITE 7 RANR. SBATREESMHXRAZPPOTIAFEHTE,; RETFXETRNRERDAPIETR, RIEFINRAFIKREER, XETH
DRFRZEN, FEMEH. FERUT “QEHE, HFEEMEXEN B9, RARTRERRR T BEEIELRDA SRMRARITRSHQBEZITREERIRF SHILLHE,

B FIER A E
EERBEWE: F28Ahttps://www.gs.com/research/hedge. htm|iVETEE B, ABETIE MR ABERNIFEEE WIS RIAHRIIEXATIRS.

B &HEFIR

Alibaba Group (ADR) (BABA) Tencent Holdings (0700.HK)

Date of report  Target price (§)  Closing price ($) Date of report  Target price (HKS)  Closing price (HKS)
27-Feb-26 186.00 144.11 18-Mar-26 700.00 550.50
25-Nov-25 197.00 157.01 18-Jan-26 752.00 617.50
12-Oct-25 205.00 159.01 12-Oct-25 770.00 651.50
16-Sep-25 179.00 162.21 13-Aug-25 701.00 586.00
31-Aug-25 163.00 135.00 05-Aug-25 658.00 559.00
15-Jul-25 147.00 116.97 14-May-25 595.00 521.00
02-Jul-25 150.00 110.71 19-Mar-25 590.00 540.00
21-Apr-25 159.00 110.15 20-Jan-25 534.00 389.80
20-Feb-25 160.00 135.97 13-Nov-24 542.00 403.80
20-Jan-25 117.00 85.12 29-Sep-24 521.00 437.80
29-Sep-24 134.00 107.33 14-Aug-24 464.00 373.80
15-Aug-24 108.00 79.54 12-Jun-24 477.00 370.80
16-Jul-24 107.00 78.38 15-May-24 466.00 381.80
15-May-24 106.00 80.99 11-Apr-24 408.00 315.00
11-Apr-24 102.00 74.85 20-Mar-24 413.00 288.80
07-Feb-24 105.00 73.64 15-Jan-24 426.00 289.40
15-Jan-24 121.00 71.84 15-Nov-23 435.00 322.60
09-Oct-23 134.00 84.85 11-Oct-23 423.00 311.00
10-Aug-23 138.00 99.21 16-Aug-23 431.00 328.80
16-Jul-23 133.00 94.56 07-Aug-23 428.00 341.20
Xiaomi Corp. (1810.HK) Kuaishou Technology (1024.HK)
Date of report  Target price (HKS)  Closing price (HKS) Date of report  Target price (HKS)  Closing price (HKS)
26-May-26 40.00 29.76 29-Jun-26 68.00 41.00
09-Mar-26 41.00 33.68 27-May-26 70.00 45.28
23-Jan-26 47.50 36.24 14-May-26 74.00 50.85
18-Nov-25 53.50 40.78 25-Mar-26 75.00 53.05
01-Nov-25 56.50 43.20 18-Jan-26 87.00 78.35
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Xiaomi Corp. (1810.HK)
Target price (HKS)

Date of report
25-Sep-25
19-Aug-25
26-Jun-25
27-May-25
18-May-25
16-Apr-25
18-Mar-25
20-Feb-25
14-Jan-25
18-Nov-24
29-Oct-24
15-Oct-24
03-Oct-24
21-Aug-24
21-Jul-24
24-May-24
12-May-24
01-Apr-24
19-Mar-24
06-Feb-24
20-Nov-23
18-Oct-23
31-Aug-23
09-Aug-23

Knowledge Atlas Technology (2513.HK)
Closing price (HKS)

Date of report
09-Jul-26

20265 7H10H

66.00
65.00
69.00
65.00
62.00
59.00
63.00
58.00
38.00
33.30
30.70
27.80
27.50
24.70
23.20
23.00
22.60
20.00
18.90
18.10
18.70
16.30
14.90
14.70

Closing price (HKS)

59.45
52.40
56.90
51.55
51.00
41.25
57.65
49.15
33.75
28.80
25.85
23.00
24.05
17.52
16.52
18.30
19.40
14.94
14.86
12.90
16.18
13.18
12.36
12.14

Target price (HKS)

1,880.00

Kuaishou Technology (1024.HK)
Closing price (HKS)

Date of report
31-Aug-25
21-Aug-25
17-Jun-25
27-May-25
25-Mar-25
19-Jan-25
20-Nov-24
20-Aug-24
08-Aug-24
22-May-24
20-Mar-24
21-Jan-24
21-Nov-23
19-Oct-23
22-Aug-23

Target price (HKS)

83.00
77.00
68.00
63.00
62.00
55.00
63.00
67.00
70.00
80.00
75.00
82.00
88.00
87.00
91.00

75.35
71.75
59.40
48.75
56.80
40.75
52.55
44.40
43.85
58.15
52.25
41.55
58.50
56.10
62.50

Alibaba Group (H) (9988.HK)
Date of report  Target price (HKS)

27-Feb-26
25-Nov-25
12-Oct-25
16-Sep-25
31-Aug-25
15-Jul-25
02-Jul-25
21-Apr-25
20-Feb-25
20-Jan-25
29-Sep-24
15-Aug-24
16-Jul-24
15-May-24
11-Apr-24

180.00
192.00
199.00
174.00
158.00
142.00
146.00
154.00
156.00
114.00
131.00
105.00
104.00
103.00
99.00

Closing price (HKS)
142.90
157.80
165.40
153.50
115.70
113.50
109.40
108.70
120.90
84.55
102.50
76.40
75.50
82.65
74.20
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Knowledge Atlas Technology (2513.HK) Alibaba Group (H) (9988.HK)
Date of report Target price (HKS)  Closing price (HKS) Date of report  Target price (HKS)  Closing price (HKS)
07-Feb-24 102.00 74.90
15-Jan-24 118.00 70.00
09-Oct-23 131.00 82.10
10-Aug-23 134.00 94.30
16-Jul-23 130.00 92.95

MiniMax Group (0100.HK)
Date of report  Target price (HKS)  Closing price (HKS)

16-Jun-26 860.00 416.60
03-Mar-26 1,000.00 821.00
22-Feb-26 1,018.00 970.00
BERE
EEAERE

EREIREPRAREUPARISEARAEREL EX . SERNGHTRZNAEHRERAES, 1%HEMBRN, BERSHME, FRXAME, ZHEEREHNBRIAEBNQF LT, BEES, BE
REMHR, RERNAE. SRIEEHTREERREFMIRRTANGS (FEXTER) HREHF.

LU AESNERAVIREE . RAMEAF AR SBENBRAZRLEEDTIN. SMETEUARNRERERSZFEDAIMASHANEFRQBNIES. DnHH: SmHFmEoBRTSENES, H
PEIERARITHIBRAN. DTMEESRAIRRNES: SENBRERELEESTN,. SHHE TARMERERSZEEDFITASTMANEAQBNSEIRE. EFRME, FEEDFIT: FFEED RN
AIRESE IR, FILAIUARZFINRA 22415FINRA 220253 F 5FIAR ABRIZSM. A BEKRRZZ D IHPARFIESRIRE,

EZELSMNELEEEXIENRIMEE
LT AR T IRIEEEEEEMME RN _ R E BB 2N MBI A S X ERFFERAIINE. RAFII: Goldman Sachs Australia Pty Ltd & AR MR 2R AF TR BNETAN (19594 (R1T
) FREN) , EIEATERAFITIERNRERITRS, UAREERTIS, SMHRRSEXSIRENEMEARNBRIAD A FRIBRAANTABEAEXN #ERF” , EERABESRIFINER TaILEH
b TEIRGHARIREHRAIE, Goldman Sachs Australia@ BRI AR EMIER A AIAES S AR RIR S FFITCIESN AT AR EMIAEALNIIZEM RSN, AREEERT, MREMEKERGoldman
Sachs AustralialA A HHEIE, RARFIS IR ATER D RLIHIZIESLITAEE, NNRENBREEEASHTREN, WZEVNA—REY, BESRREZEBNNHREEZTFNER. W
SWRHBER, BREFLENREITEZE, NESEBZER. USKWRHMERREEZBINAEL ., SRRAFTMHA=ZNHEEE, UWhSEEAFITESHAFMIIEHESREER
https://www.goldmansachs.com/disclosures/australia-new-zealand/index.html, E75: 5CVM Resolution n. 20f8XH91= B EiE S @ https://www.gs.com/worldwide/brazil/area/gir/index.html, iR
#ECVM Resolution n. 20520%, EEAMERT, MAAARREABTAETERTENEFEEIMONITATREFLIBAIFHENE—EE, BRIERERSEIRA, MEK XEESNEESE, EEAIER T
ARIFIEfR A Goldman Sachs & Co. LLCIMEAIEH ML E HTEXEAMERIELZZNE. BAFERITH. Goldman Sachs & Co. LLC REZEBMMEXIESEM T EMAEAMEATEZERZX
ANRZE, BETMEATRBMEKILS, HESEER EENEAREEEERXAEEREIISNT R, EEEENEARZTAMNEXIESREM™5R, EBXR Goldman Sachs Canada Inc. (8%
SERARIREAN) HEMEFMUNEARZE. 8 IMEE (TH) BRITARRMEXEREPFAMRATNIESHEIMIIZEN,. NE: JNEE ENE) ESHATRRAE (90 - ENEIESR S
F=(SEBI) 455INH000001493, #i3t10th Floor, Ascent-Worli, Sudam Kalu Ahire Marg, Worli, Mumbai-400 025, India, AB4%= U74140MH2006FTC160634, EBiE +91 22 6616 9000, f2E +91 22 6616
9001) IREEXARETHANRAFFIRRABTINTINER. BRAEIFESRETHARMRIFAIRRATMNIES (1956FHE (ESER(EE)Z) £F2(hZEN) B1%RESLE, ESEBIEMFR
BNISMINEHIEFHZFEFARIMVBER, TREMREAEORMEFRE. S (EE) ESMAEGRARSGMARANREESHDIRAZAR. EESMEIHESEIZUREMEXESNKERRTIL
FE#Zhttps://www.goldmansachs.com/worldwide/india/research-analyst, BZs: WX, #HE: BRIERERBTEE, MMRELICUAMAENE, Ut (ERRSSEETIZE) EXH “BIIEEE
A, IMNEE () BRIEQATERDNEFNEXSIREFMAXATNEINER, #FHFE=: Goldman Sachs New Zealand Limited &z EL X B A HIE1980FE AR Z M ZIRITAENH SEMIBIT =
“GRI o NARIRE URETIRENEMEXRNB RIS LLE2008EMESMIAEREXH “MERF” , EEAAESRFINER TG, SERRAMTMFHE=MNFEREESR
https://www.goldmansachs.com/disclosures/australia-new-zealand/index.html, BEZ#: EHT BN ZNARIRSHIFE T HEARFAEXHI &, MERUFRE AEZENNEENS R, BF
BFEZEEAZFAAENITEITA. ARIRETRET AR ENE X MECREFEZY, HEHHENRARR, TEREAEMEBEERIMBFRIMSHR. BEGTERNXEIFTE. 2R NEINEFE
FEREMARET SRS TEEMEB TR RFAIBRE, FNE: S8 G FAARE (REES: 198602165W) (ZRHIKRESMBERKE) AXRMARRSEIBEERE, EEHTSHTIRERS X
FETHARBEEXNIEMEER, BRAEE GINE) FAAQRE. 85 FXMEESNESE, REATFASEE, REENYZEZEMIIBFNRENK, RAERBARAERTHhER. RE: TRERES
AT AHRERNENAIHD EAMAZTFAHALTBISRENENE HSHASRUENEIREAREUHARES, HFNYSESREMREEAAXETFHINREESEN, ZNRESENER, UK
FIREPRAIT D EREECRRE A S RERZRE.

FRERFIEE: SRUEEZ RIS A) (EVU) (2016/958) (FRERINSFIRNERIRE 2 %(EU) No 596/2014M94 N e 5570, MIE 7 B X IR A BN S E iR R SRR AV HEEF SN 2 15 B BB IRIR, LU R 3 435 RE ) 2 Sl F1 2 o
RIFITIHBNEALHROARIM S ER AL, RERBRBIMNNE X 2 EZEERGIMMNREREPEREN) $F6(2)FEXrINERE S AI7Ehttps://www.gs.com/disclosures/europeanpolicy.html
EIREY, ZMHEN BRI B R A KR SR AT S BRI RN

BHZS: &RIESMASHEBEXRRVSEEM CEMS: No.69) HNEMTAXRZE, ANtURARESIMhEHAERBAK IS, FTREMTANETNS. BARBEEDIURBEZETAMSIIR
FRo REXLSERBUNSFPERAENAESIOEER. XTHRNESXRZMH. BRESERZAMSIBNISERABMERNERNESEE, B85 ARG XN EAERHELD.
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EN B SITRMEITAZEAREZHIREANK AL B, —IAREFERAR BOTNLNSEHEEARN FHRBARTEN S ABERRRE, ERRRGENSEZH TR BBEERIT

& (AIFREFEEITER. BETR. DTFVHNERNENERAR. BEMAIKEMRNRE) NREHRANPETR, STMXKEREMXBHLIANGE, Z8PEEZMXIRARE EIPHHEIND

g%%,_J%Egﬁﬁg?ﬁiﬁ%ggﬁ;&&@ﬁE@ﬂﬁ‘é’f&%IEﬁi?&ﬁ%ﬁ%EﬁﬂﬁﬁiWE’\J#Q?-—-SEWO BIREMASBHIEENIANR R, AZMXNRATLEASHEMEEZERSHITER, HFAERED
I XL AR REVIR TR K e

SEBELRR. ARIFRNETHES T —EREEERTNERNENIEE, SEFMEENHTERE. STMRERNHFTERNFAERZLHBANE. SAEEBERR. BIANERIAXHNESEETE
BHMANRER RHERLERTRAR RAVAFRIRS PHE A,

HEREE: S MRREENRERER BRI EMhttps://www.gs.com/research/hedge.htmi@id TBHHFIF. REFMAZFEEHITEI,

FEETR(NR): ESERTHIRZABNN—NEHZZHAEIERZPEEES AR, HETSREN—DXSMEFLER. BERBERNRGN, HERLEEMERT, RETL BRNEMNEFTTN
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